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Figure 1: The Transformer - model architecture.

[arXiv:1706.03762] Attention Is All You Need



The three settings we explore for in-context learning

Zero-shot

The model predicts the answer given only a natural language
discription of the task. No gradient updates are performed.

Translate English to French: task description

cheese => prompt

One-shot

In addition to the task description, the model sees a single
example of the task. No gradient updates are performed.

Translate English to French: task description

sea otter => loutre de mer example
cheese => prompt
Few-shot

In addition to the task description, the model sees a few
examples of the task. No gradient updates are performed.

Translate English to French: task description
sea otter => loutre de mer examples
peppermint => menthe poivrée

plush girafe => girafe peluche

cheese => prompt

zero-shot, one-shot, few-shot learning

m U Tasko| X X|S27tX| WS Fine-tuning®tf Few-shot
learning2 2 £ 11 /5 &9l

Accuracy (%)

Zero-shot One-shot Few-shot
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[arXiv:2208.03188] BlenderBot 3: a deployed conversational agent that continually learns to responsibly engage



ZHO Al AGje] ¢oj 2

DialogGPT - Al T3t 28 (‘19)

m DialoGPT (Dialogue Generative Pre-trained Transformer)

- 2005EEE 20174 2|2 59 Reddit comment chain%| A &35t
14447883 (147M) tizty FHEF sh&e

- GPT-2 2%

- J2 © gk #F0%M human evaluationg At Bl TH e Y= A0 =&

OpenAl WebGPT

m WebGPT: Browser-assisted question-answering with human feedback

- § ZMg S5 GPT-3 QI o

- QIE{Ll Bing 214 APIS Sli 20| Tt ZAATE AT, 0|2 GPT-32| YHES 227| 93t o
A8 (referenceS S 1S 4, 2222 |8l YH0|X| 2 2Ef Ro| passage £5)

- Ofx5] Bo|E] P20 &5t W2 S0 e ME T HHEIX| RoHE M3 At ZXHe



ZHG] Al Agjef Qo] H
H|o|t| HyperCLOVA

m GPT-3E2C} 5+20| H|O|E{Z 6500 0|4 &4, 204021H2) T2}o|E| 7K ('21.5)
m A Al OJAAEIE FH2UE] Tt Al Hoi Q1 X|S 2Eo| £8 (Controllability)
- ZAHY Ao HIoMe] ZE X E F|M™MFH(prompt optimization) &827/d!

Big Generative LM N8R : O WA REl AAH : #X O|MHX|=
: HE eIUC
HyperCLOVA AAY : OB B8 ol § EEd

%1 7|28 2=t
A8 : DIMRIX] & Rl AAH : 0|4ixlE 2ixtel 3774

X|& 10 0fo|3 20|E]
Chg} ofs / HEHAE FQ o ST M / Alole] o ST 4/ =8 WY oRIbZI 2P 8RS
sLigiu|ct

! 1A Chs} O e x4 M4 OUS BF 3 WY B0l 48



ZHO Al AGje] ¢oj 2

LG Al - EXAONE 22

m EXAONE (EXpert Ai for everyONE)
- HEX|AZ 2|Htst Artificial Expert IntelligenceE X| 3
- The Multi-model Super Al

m EXAONE Adoj2®o] EXI (Multi-task $=34)

-8R MR, HERY, MRCCIAISHOI8H) S

EXAONE

EXpert Al for everyONE

Gigantic Amount of Pretrained Model Domain Adaptation

‘ Multi-modal Data



O

3}

k:

Al : T3} A|AEl Al Of|o|ME, XH&

18



w=)  Question Processing ™=  Knowledge Retrieval =)  Answer Generation

Knowledge-based Q&A

vs]
_|
(Va)]
N

hll
od
>
"~

1

1

IR-based Q&A

Question Answering / Knowledge-based Service Platform

Google

he Knowledge Graph

WolframAlpha Google Brain



http://images.google.com/url?sa=i&rct=j&q=IBM+logo&source=images&cd=&cad=rja&docid=qaJI4F1hJwaaJM&tbnid=MuIYzE7gaWQMqM:&ved=0CAUQjRw&url=http://semiaccurate.com/2011/05/25/ibm-automates-wafer-pruning/ibm-logo-3/&ei=72JlUePACsislAX2zYHoBg&bvm=bv.44990110,d.dGI&psig=AFQjCNHagA9dc4qkDnLhca5CNm-1oXv4Eg&ust=1365685332525094

Ciztsg Al

=2 UEH|O| L Of%t -8 MH| X

m Al AL ZHE ZA| A3t
- 22 Tech ?7|¥: Google Assistant, Amazon Alex, MS Cortana, Apple Siri &
- U APUYTXE LGTX} / SKRIE|E, KT, LGRE2|A / H|o|H, 315t2

LGU-+ Ste oLy o] ol ‘g2b
ATEZ ATj3]
xgos SOOI/ 8o, U B2, i Ao] 24, bk gl R R 24, SO £, WRAE
ZE/ma), NAERE X PV, 15 HE Sof 24, ' en 242, U o2, A Bajy
e gyl AOFEE(PTV/EIOT) T, BTV I9IQ.E (FP5LREHA|, FI512  VIBE HE
SAH= sm olmoq a2 )
g TE0 ol 22 ofeior, S, ZHPr, A2 2Y dfo| L2 328, 4340, 3|2, N5

m G2ty Al MH| £ 0|5

I
17| %|of 2 AF s 28 MY
oS oM WE 5 o X J|7| 7|50 N A ES AO|ES Eof ALK Y XI5 JHAtu| Aete] Ut chat
AT OB T xHe She R A
MO UM Sctn 2x) EUE” "USZR 25 $g-e YUnjop” "o & SpEetT B
WG Ao U ool QIR M USTeie BETR g R Hoigls oop| £ Eap
"got 42| Fofy"
20




Tk 24991of Al 7|42] Hi& Hof

HH Y o 00| MM
FEEH 4

‘Mgm“' (Syntactic Analysis) (Semantic Analysis)
E %g?_‘l[}l i‘lEI ll UISH (F:‘fif_si}ih) (%%E‘;?LY (Named’g:ﬂﬁ%%mlml
- E (Oh]ﬂ?tb Eeesiieation
= AfolA] HAE Xteioio] ofsf T
= == (Matural Language '
: (Speech-to-Text) Understanding) J :
: : HAE 24
1.........l....l..l.l..l.l..l....l....l....l..l.l..l.l..l....l....l..l.l..l.l..l.l..l...." {ED"?_':
o|0|, &)
4 smss | o ABHA S AE (':E;ﬁ*o"ﬁ' chs} B2
y nguage Dialog Management
(Text-to-Speech) | Generation) (Dialog g )
o (o] o= 5H o Okt X 3
+ BIRpAISE /SR A E 212ke] tishE ofstistal, TFFor =X|of| off5i
A niplr 50 T osLL A m
XEH2E syotd d¥s Swhs ?l=° B8
+ S A TIX

© S
[4AH YN + HBIAE injectiong S5+ LSt M



izt Al Ad)

= g2t AUEH|o| A9 27

g

m CFSt oAt EIHr°I¢E HE %
(AZ|: HO|A RHE 7L EbRp)

- Al Call: 22 Duplex L1|0|u1 AiCall

- Al 7|2A T - kb2oies ANHE

- Xtz 2

220k HA| QL 2% ‘Fofo|

[ - = L
- 0j2] g0 e ot S (£3] 2 X3 S *I*E*')
- £X 2X| 512 BHOZ She HL(0). THAT), YA EHE MBSt e Aol UL
CAIIEE 280 olE £, 2o Y8 Ol Chsf of 5 £ AXEE DEe oig gt J|S

B YO Ol A0 Y CieHY HE HI WA oR0| ¥S
- HIEfH AR 2-AZH Hief 22 X
- 722 Meena, LaMDA 2 Z2 JLJ;“S‘z“s'(Generatlve) Cig} 229 £ &3l 753 HE =55
- AE2|ElZo| opd A E2|2]8l(Storyliving)©| YASHE! Mok

0]

22



HIE A

jL :|q|
Nl

<Survivor Stories Experience> QIE{ZHE|H T A|
anLLEo' EEZIAE I:II- _._1-& o1|_|_|_91|0|k=1 A-||E-|
(13%] 23AE MER QIEl, 2H0] 77| LojSE)

]
1;??3-1

PR Cc O

X|% gHEte| A7 Thgt

%

‘FET U Z2HE A THA 27
(2 10007H2| 2OIY TE =3t 4
- AF DA (20)

- NigH| A MR T B AfRt
23



https://www.youtube.com/watch?v=p1jEJRILeY8
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% ? 4 \a Tech and political thoughts
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W The Besties

from Kara Swisher @

m 0|2 Ho|SH{(V-Tuber)
- Lucy: Al Virtual Being @sundance 21

Fable Studio is creating a new
genre of interactive stories and
using GPT-3 to help power their
story-driven “Virtual Beings.”
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(H2H Al 2F A HIA QI Task

Grounded by unstructured knowledge

Shallow interaction " Grounded by knowledge graph

Deep interaction <« Grounded by persona

Variational Grounded by vision

autoencoder ‘ Conversational Al
Hierarchical recurrent \

encoder-decoder " \ Control dialogue strategy

Reinforcement Control style

learning / :
Generative ,//
adversarial network /
¥ Method-oriented Goal-oriented

Control emotion

Control dialogue structure

Pre-train

Fig. Key issues and key techniques in open-domain dialogue systems.
Learning towards conversational Al: A survey ( , 2022, Pages 14-28)
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